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Abstract
Artificial Intelligence (AI) brought forth advanced technologies such as robotics and the Internet of
Things (IoT) to significantly transform workplace activity. Accuracy, effectiveness, and agility
form the main elements of Industry Revolution based on these developments. As businesses enter
this new industrial age, human resource (HR) services become more strategic. In order to meet new
challenges and accommodate Industry 4.0's digital needs, HR functions have to adapt. This article
discusses the impact of AI on HR digitization, placing emphasis on practical applications within
Industry 4.0. Respondents of the study were 270 HR professionals from the manufacturing,
services, and information technology (IT) sectors. Three areas of HR readiness are investigated, in
addition to five significant areas of application of AI in HR. Statistical Package for the Social
Sciences (SPSS) and Analysis of Moment Structures (AMOS) were used to analyze the data.
Organizational analytics are critical to achieving long-term growth, the results suggest. Increasing
HR's agility and capability is a key contribution from all five AI application areas. A key by-
product of embedding AI in HR work has also been improved workplace health and safety.

Keywords: Industry 4.0, HR Agility, HRM Artificial Intelligence, Human Resource Digitization,
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Introduction
In the dynamic setting of Industry 4.0, the Human Resource (HR) function is critical to filling the
gap between managing people and developing technology. Most of the conventional HR functions
are being mechanized by technology, yet in managing people in dynamic settings, HR practices
have to be agile and adaptable now more than ever. With the use of technology, particularly
artificial intelligence (AI), HR processes can be made more agile, or the ability to easily and rapidly
adapt to change. It is no longer new that multinational companies are already aware of agility as a
strategic imperative in their operations, such as Google, Apple, Facebook, Amazon, and Microsoft.
To enable individuals, strategic objectives, and organizational adjustment in the midst of rapid and
unforeseen change, HR professionals need to develop responsive systems and staff abilities.
Enabling the engagement and retention of employees in line with overall company objectives is
what Learning & Development (L&D) and HR professionals understand this to mean. In fast-paced
environments where standardization becomes impossible, HR agility becomes highly critical.
Customer satisfaction and value delivery have to be prioritized by the employees to design agile
businesses. But since HR has not traditionally interacted directly with customers, it gets often
attacked for being sluggish in responses, which annoys employees. HR needs to become a forward-
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thinking, responsive team that keenly mirrors business and tech shifts to address this. Recruiting,
performance management, and employee development are some of the core functions that adaptive
HR continues to manage, but through the lens of adaptive methods. Three broad elements comprise
HR agility: the ability to identify issues rapidly, respond rapidly with and execute solutions, and
apply design and analytical thinking to conceptualize and execute high-impact programs. Drastic
shifts in a variety of HR functions have been prompted by the introduction of AI into HR. It is
important to understand how AI impacts aspects like worker comfort, automated payroll, health and
safety, employee efficiency, and real-time feedback mechanisms with more and more companies
adopting digital HR systems.

Figure 1: HR Agility with AI
In addition, solutions to enhance overall effectiveness and efficiency can be identified by looking at
how AI-based HR practices influence organizational network structure and analysis. This paper
seeks to explore the linkage between AI adoption and the digitalization of HR, and the manner in
which organizational design is influenced by this digitalization.
Two central research questions are the guidelines of the study:
(1) How can artificial intelligence transform HRM to meet Industry 4.0 needs?
(2) To what extent can AI make HRM operations under Industry 4.0 more sustainable?
To address these questions, three research objectives were established:
(i) To explore existing AI trends in HRMP,
(ii) To assess how AI influences HRMP for addressing the evolving demands of Industry 4.0,
and
(iii) To explore how AI influences sustainability within the Industry 4.0 context. To achieve
these objectives, the research develops a conceptual framework that identifies the most significant
AI application areas in HRM.
Because of the lack of existing research in this field, a thorough literature review was conducted to
support the framework, encompassing expert opinions from concept papers and online publications.
By providing pragmatic recommendations and highlighting the implications of AI deployments in
HR, the framework contributes to the body of existing knowledge.
By resolving the challenges to deploy AI and leveraging it to enhance HR processes, the
conclusions of this study aspire to support stakeholders in enhancing the overall agility, efficiency,
and sustainability of their organizations.

Literature Review
Human resource functions have become much more dynamic over time and are today perceived as
being incredibly dynamic. The widespread application of artificial intelligence (AI) in a number of
industries, including healthcare, is brought to the spotlight in academic studies as proof of how
effectively it can enhance HR agility. One of its unique features is the capability of artificial
intelligence (AI) to connect real objects—like cars, devices, and other machinery—to the internet
through the Internet of Things (IoT).
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Technical implications of the Internet of Things are sensing, processing, and communication
functions based on sensors that collect data regarding temperature, speed, position, usage status, and
other factors. This immense amount of precise, reliable, real-time, and comprehensive data enables
AI systems to function with great precision.
AI is increasingly being applied in HR processes due to Industry 4.0's focus on automation,
digitization, and flexibility. AI can transform HR operations by improving decision-making,
accuracy, and efficiency. A key application is in talent acquisition and hiring, where AI algorithms
enhance the quality of hires as a whole, streamline candidate screening, and assess potential
performance. Similarly, AI fosters employee engagement and retention through data analysis to
detect early signals of disengagement or attrition, allowing for timely interventions such as targeted
training or cultural improvements. AI facilitates personalized learning and employee development
by determining skill gaps and adapting training to address the individual needs of each worker,
enhancing outcomes. AI can review employee performance metrics in performance management to
develop improvement plans and enhance productivity. Moreover, through the application of sensor
data to detect hazards and recommend preventive measures, AI ensures worker safety and
regulatory compliance. AI also has an impact on workplace health and safety improvements.
Along with monitoring employee health metrics to offer personalized recommendations, AI systems
can analyze data from sensors, cameras, and wearables in order to predict and avoid workplace risks.
Artificial intelligence (AI) is capable of enhancing ergonomics by detecting movement patterns
indicative of musculoskeletal disorders, and chatbots are able to deliver instantaneous safety
guidance. AI is also great at enhancing employee comfort; by analyzing data from environmental
sensors, it can suggest ergonomic adjustments, adjust lighting and temperature, and recognize
stressors to inform well-being initiatives.
AI also assists with measuring productivity; live task accomplishment and performance monitoring
systems furnish objective, data-driven feedback that performs better than more subjective
assessment. Another HR function being revolutionized through AI is payroll processing. These
systems reduce errors and administrative overload through rapid and accurate processing of tax
deductibles, compliance checks, and salary calculations.
Further, AI provides real-time feedback mechanisms that provide instant, personalized, and
unbiased performance assessments to aid employees' continuous development. AI plays a key role
in automating process such as employee onboarding, performance tracking, and training as HR
more goes digital. This enhances efficiency in operations and employs predictive analytics to assist
in strategic decision-making. AI enables the detection of skill gaps in the workforce to enable more
effective talent development programs. AI also significantly contributes to Organizational Network
study (ONA), which employs it to mechanize the examination of survey responses, informal
networks, and communication patterns to identify engagement drivers, cooperation trends, and
influencers. This enables HR experts to enhance cross-functional collaboration and eliminate
communication roadblocks. By analyzing information on job roles, employee wants, and skill sets,
artificial intelligence (AI) assists companies in responding to changing requirements by modifying
structures.
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Figure 2: AI impact on Agility
By revealing bias in recruitment processes and enabling the creation of diverse, flexible, and
dynamic organizational frameworks, it further enables inclusivity. In conclusion, this research
provides a conceptual framework to analyze AI's effect on various HR application fields and how
all of these work together to enhance agility in HR processes. Recruitment, learning, performance
management, health and safety, employee comfort, real-time feedback, digitization, ONA, and
organizational design are all embedded within the framework. Organizations can manage their
workforce more effectively, navigate the complexities of Industry 4.0, and improve overall
organizational agility and sustainability by understanding and leveraging these AI-based features.

Methodology
In this study, a cross-sectional descriptive research approach was applied, an adequate one for
examining how artificial intelligence (AI) is impacting human resource (HR) digitization in the
context of Industry 4.0. This design allows one to collect data from a broad group of individuals at a
point in time, giving relevant information. HR practitioners in Noida and Ghaziabad—two cities
selected due to their diversities of industries—who were working in the IT, ITES, manufacturing,
and services industries constituted the population under study. Private sector banks were also
included in the service industry. It was through the utilization of a multi-stage sampling technique
that the geographical area was first selected, and then the companies in each industry were ranked
and respondents selected from there. A 75% response rate was obtained by sending 360 structured
questionnaires via Google Forms, and 270 valid responses were received after screening. This
sample size is in line with previous studies that have indicated 200 responses or more can be
enough for structural equation modeling (SEM) analysis. New scales were developed on the basis
of relevant literature and customized to suit the research context to ensure proper measurement of
the study constructs.
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Figure 3: Proposed Conceptual Model
Confirmatory Factor Analysis (CFA) was employed to evaluate these scales for validity and
reliability. With Composite Reliability (CR) statistics greater than the recommended cutoff of 0.70
and Average Variance Extracted (AVE) statistics greater than 0.50, findings supported adequate
construct reliability, ensuring both internal consistency and convergent validity. Discriminant
validity was confirmed by comparing AVE statistics with Maximum Shared Variance (MSV) and
Average Shared Variance (ASV) by ensuring that all AVEs were higher than corresponding MSVs
and ASVs. Reliability was also established by Cronbach's alpha coefficients for each construct
ranging more than 0.80. Factorability of the data was ensured by Bartlett's Test of Sphericity's large
(p < 0.001) values and Kaiser–Meyer–Olkin (KMO) value of 0.872, confirming sampling adequacy.
A standardized questionnaire with three sections—demographics, AI use in HR, and HR agility
measures—was employed to collect data. In the last two sections, a five-point Likert scale was
applied.
Statistics analysis was initially carried out with the aid of SPSS software, while model testing was
carried out with the aid of AMOS. SEM's assumptions were checked, including multivariate
normality through skewness and kurtosis (ranging from -2 to +2), and listwise deletion was applied
in handling missing data. The normalcy assumption provided rationale for the use of maximum
likelihood estimate. Model fit was assessed through CFA and model specification through an a
priori approach grounded in theoretical literature. Table 1 presents overall reliability and validity
measures for each concept, including Cronbach's alpha, Composite Reliability (CR), and AVE
values. For instance, the Health and Safety Improvement construct measured satisfactorily with
Cronbach's alpha being 0.953, CR being 0.929, and AVE being 0.652. Other constructs, such as
Organizational Network Analysis, Real-Time Feedback, and Employee Productivity Measurement,
also have shown similar high reliability and validity.
The demographic breakdown of the 271 respondents is indicated by Table 2: 48.3% of them were
male and 51.7% female, and 44.6% of them aged between 31 and 40. On education, 65% of them
had bachelor's degrees, while on industry involvement, manufacturing consisted of 29.5%, IT and
ITES of 47.5%, and services of 23%. The research also developed a conceptual model based on
hypothesis to examine the relationship between AI application fields and HR agility. Factor
analysis findings rejected the null hypothesis that the correlation matrix is an identity matrix and
revealed a strong correlation among the variables (test value: 874.98; p < 0.0001). These results
corroborate the dataset's suitability for advanced statistical analysis, including SEM, and explain the
model's validity in explaining AI's effect on HR digitization and agility in Industry 4.0 context.
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Result, Interpretation, and Analysis
The demographic descriptions of the respondents and the results of the analysis of the proposed
conceptual model are highlighted here. Out of 271 valid responses, 48.3% were male and 51.7%
were female, indicating a slightly stronger female representation. 32.8% of respondents were
between the ages of 21 and 30, while the plurality (44.6%) were between the ages of 31 and 40. In
terms of education, 35% of the participants had a master's degree, while 65% had a bachelor's
degree. In terms of industry, manufacturing accounted for 29.5% of employment, private banks for
23%, and IT and ITES accounted for 47.5%. With the application of AMOS 20, Structural Equation
Modelling (SEM) was employed to investigate the relationship hypothesized in the conceptual
model. The model tested the causal relationships among three HR agility traits (dependent
variables)—organizational design, organizational network analysis, and digitization of HR—and
five aspects of AI applications (independent variables). The causal relationships are represented
graphically in Figure 2, where statistically insignificant pathways are represented by red lines.
The model's fit indices such as normed chi-square (CMIN/DF) = 1.563, RMSEA = 0.043, CFI and
IFI = 0.997, GFI = 0.993, and RMR = 0.006 confirm the model's sufficiency. The other indicators
provided a good model fit except the value of AGFI (0.868), which was slightly less than the
recommended 0.90 value.
With beta values of -0.278 (Real-Time Feedback), 0.386 (Employee Comfort Enhancement), 0.660
(Health and Safety Improvement), 0.180 (Measuring Employee Productivity), and 0.194
(Automated Payroll Process), the results in that five dimensions of AI applications influenced
Organizational Network Analysis significantly.
Health and Safety Improvement had the strongest positive influence among all of these. Just three
variables had significant impact on HR digitization: monitoring employee productivity (β = 0.422),
process automation of the payroll (β = 0.261), and enhancing employee comfort (β = 0.238),
explaining 51% of variance. In this case, the impacts of Real-Time Feedback and Health and Safety
Improvement were not significant. Real-time feedback (β = 0.630), health and safety improvement
(β = 0.339), and enhancing employee comfort (β = -0.514) negatively influenced organizational
design. Automated Payroll Process (β = -0.129) was statistically insignificant, whereas Employee
Productivity Measurement (β = -0.222) had a weak negative influence. In total, the AI factors
considered explained 44% of organizational design variance, 51% of HR digitization, and 77% of
organizational network analysis. The findings underscore how much businesses value employee
health and safety when they seek to create flexible HR solutions.
HR practitioners are able to track employee health metrics such as vital signs, stress levels, and
activity levels due to technologies such as artificial-intelligence-powered wearables and sensor-
based monitoring systems.
By facilitating early intervention, these data reduce the risk of health issues and enhance employee
wellbeing. For instance, pipeline gas pressure sensors may halt hazardous leaks, reducing areas to
be safer. The research validated previous research by scholars such as [72] by establishing Health
and Safety Improvement as the most critical element in ensuring Organizational Network Analysis
and Organizational Design agility. Furthermore, by contributing to performance and behavioral
patterns, AI remarkably enhances HR agility. For example, HR can improve on office distractions
and optimize work efficiency by designing employee-differentiated life skills training programs
through the use of sophisticated eye-tracking technologies. Consistent with earlier research, these
electronic HR interventions enable organizational adjustment [74–76]. Traditionally, obtaining
honest employee feedback has been a major challenge for HR departments. More profound
understanding of staff morale is possible through AI-supported tools that can capture sentiment in
real-time at or after a meeting, e.g., digital feedback systems or facial recognition for emotional
identification.
As [3,76] suggests, this assists HR teams to enhance emotional engagement and make timely
interventions, both of which are critical for maintaining responsive and flexible HR systems.
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Interestingly, the research also highlighted the fact that enhancing worker comfort can sometimes
inadvertently have a detrimental effect on organizational design. While AI can personalize the
workplace by adjusting the lighting, ambient temperature, or recommending ergonomic
improvements, it can also pinpoint patterns of psychological stress via activity tracking or facial
recognition, something that might be an indication of disengagement or mental illness. HR may
initiate wellness interventions if AI systems detect signs of anxiety or hopelessness.
As observed by contradictory results with previous studies, these changes can make organizational
structures more complex despite being beneficial to well-being.
Also, AI-capable tracking systems should be employed sparingly. While valid for office jobs, using
sensors to monitor hours worked by field employees might prove challenging and ethically
questionable. This accords with previous findings that, to avoid overreach, the role of AI must be
tailored based on the workplace environment [74]. The research concludes by citing AI's
revolutionary aspect of enhancing the responsiveness of HR services, specifically in enhancing
employee health and safety, deriving real-time feedback, and optimizing productivity.
Organizations must, however, balance automation with human-oriented principles to effectively
harness it, ensuring ethical implementation and employee trust.

Conclusion, Restrictions, and Future Research Scope
There are numerous advantages for workers and companies when Artificial Intelligence (AI) is
integrated into Human Resource Management (HRM). It ensures improved decision-making,
enhanced productivity, and an improved work environment for employees. But these benefits also
have serious side effects, particularly in the fields of data privacy and cybersecurity. Fears of data
security and potential cyberattacks are becoming increasingly significant as companies begin to
utilize AI-capable tools and devices to collect and process more employee data. Hence, it is critical
for companies to establish robust cybersecurity and data governance systems that prioritize
employee confidentiality and data integrity prior to embracing AI in HR functions. The different
applications of AI in HRM have been discussed in this paper, specifically in areas that are off the
beaten path.
It emphasized how AI can enhance human-oriented factors such as comfort, feedback, productivity,
and health and safety factors all that contribute to building HR agility in the company. The findings
indicated the extent to which these drivers play a crucial role in key organizational activities such as
Organizational Network Analysis (ONA), HR Digitization, and Organizational Design, all of which
are required to enable flexible and iterative HR practices in the context of Industry 4.0. By
establishing new interconnections between AI applications and agile HR competencies, the report
contributes to the emerging discourse. Yet, there is still minimal practical use of AI in HRM,
particularly in India. Adoption of AI-based HR tools is still at a nascent stage, and only a
minuscule number of firms are taking full advantage of these technologies.
This made it difficult to obtain comprehensive and diverse data, which made it difficult to analyze
the entire impact of AI in a variety of organizational settings. Although the research had empirical
information across several industries, the generalizability of the findings and the validity would be
enhanced with an even larger sample size and higher industry participation. Future research can
attempt to bridge these gaps by examining AI's long-term effectiveness in HR processes through
more organization-related case studies. Including companies that plan to deploy AI in the near
future might give more precise data on anticipated challenges, levels of readiness, and alignment
with strategy. Moreover, although the research highlighted the technical and utilitarian advantages
of AI, ethical factors—namely, algorithmic bias—must be examined.
AI systems might perpetuate unintentionally discrimination in hiring, promotions, and performance
management if they are taught from biased or outdated data. The displacement of workers is another
pressing problem. The traditional responsibilities of HR professionals are potentially under threat
as AI takes over more HR processes. Future work might examine how employment dynamics are
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influenced by this shift and if new jobs are produced as a consequence. Additionally, employing a
mixed-method strategy could enhance understanding of how workers perceive and accept AI-driven
HR solutions.
The effect of AI-based decisions on organizational performance indicators such as productivity,
employee satisfaction, and retention would, in theory, be measurable quantitatively. In summary,
while AI may have the power to transform HRM, its use has to be balanced with human wisdom,
moral principles, and transparent processes. Companies that achieve this balance will be best
placed to leverage AI to develop HR ecosystems that are human-focussed, reactive, and nimble.

References
1. Anderson, J. C., & Gerbing, D. W. (1988). Structural equation modeling in practice: A review

and recommended two-step approach. Psychological Bulletin, 103(3), 411.
2. Arias, E. (2021). Chatbots: The future of HR and employee benefits communication. Benefits

Quarterly, 37(1), 7–12.
3. Bäck, A., Hajikhani, A., Jäger, A., Schubert, T., & Suominen, A. (2022). Return of the Solow-

Paradox in AI?: AI-Adoption and Firm Productivity. Centre for Innovation Research (CIRCLE),
Lund University.

4. Bagozzi, R. P., & Yi, Y. (1988). On the evaluation of structural equation models. Journal of the
Academy of Marketing Science, 16, 74–94.

5. Bakeel, M., Al-Jabri, I. M., & Al-Tamimi, S. A. (2020). The impact of artificial intelligence on
human resources management. Journal of Management Research, 12(3), 159–174.

6. Barman, A., & Das, K. (2018, December). Internet of Things (IoT) as the Future Smart
Solution to HRM - How would wearable IoT bring organisational efficiency? International
Conference.

7. Bibi, S., Butt, T. S., & Naqvi, S. H. (2016). Impact of human resource management practices
on employee retention in telecom sector. Journal of Humanities and Social Sciences, 21(8), 26–
30.

8. Bhardwaj, G., Singh, S. V., & Kumar, V. (2020). An empirical study of artificial intelligence
and its impact on human resource functions. In 2020 International Conference on Computation,
Automation and Knowledge Management (ICCAKM) (pp. 47–51). IEEE.

9. Borgia, E. (2014). The Internet of Things vision: Key features, applications and open issues.
Computer Communications, 54, 1–31.

10. Chowdhury, S., Budhwar, P., Dey, P. K., Joel-Edgar, S., & Abadie, A. (2022). AI-employee
collaboration and business performance: Integrating knowledge-based view, socio-technical
systems and organisational socialisation framework. Journal of Business Research, 144, 31–49.

11. Czarnitzki, D., Fernández, G. P., & Rammer, C. (2022). Artificial intelligence and firm-level
productivity. Discussion Paper, ZEW-Centre for European Economic Research, 22-005.

12. Da Silva, L. B. P., Soltovski, R., Pontes, J., Treinta, F. T., Leitão, P., & Mosconi, E. (2022).
Human resources management 4.0: Literature review and trends. Computers & Industrial
Engineering, 108111.

13. Dolan, E. G., Schuler, R. S., & Jackson, S. E. (2022). Artificial intelligence and human
resource management: Advancing theory and research. Journal of Management, 48(1), 59–85.

14. Durana, P., Krulicky, T., & Taylor, E. (2022). Working in the metaverse: virtual recruitment,
cognitive analytics management, and immersive visualization systems. Psychosociological
Issues in Human Resource Management, 10(1), 135–148.

15. Fleisch, E. (2010). What is the Internet of Things? An economic perspective. Economics, 1(1),
9.

16. Flörkemaier, C., & Mattern, F. (2010). From the Internet of Computers to the Internet of
Things. In From active data management to event-based systems and more (pp. 242–259).
Springer.



Journal of Informatics Education and Research
ISSN: 1526-4726
Vol 5 Issue 3 (2025)

139http://jier.org

17. Fornell, C., & Larcker, D. F. (1981). Evaluating structural equation models with unobservable
variables and measurement error. Journal of Marketing Research, 18(1), 39–50.

18. Goyal, C., & Patwardhan, M. (2021). Strengthening work engagement through high-
performance human resource practices. International Journal of Productivity and Performance
Management, 70(8), 2052–2069.

19. Gupta, P., Fernandes, S. F., & Jain, M. (2018). Automation in recruitment: a new frontier.
Journal of Information Technology Teaching Cases, 8(2), 118–125.

20. Hair, J. F., Hult, G. T. M., Ringle, C. M., & Sarstedt, M. (2017). A Primer on Partial Least
Squares Structural Equation Modeling (PLS-SEM). Sage publications.

21. Hair, J. F., Black, W. C., Babin, B. J., & Anderson, R. E. (2019). Multivariate Data Analysis
(8th ed.). Cengage Learning.

22. Hinkin, T. R. (1995). A review of scale development practices in the study of organizations.
Journal of Management, 21(5), 967–988.

23. Johansson, J. J., & Herranen, S. (2019). The application of artificial intelligence (AI) in human
resource management: Current state of AI and its impact on the traditional recruitment process.

24. Joshi, N. (2020). What AI is doing in human resource? Retrieved April 25, 2020, from
https://www.allerin.com/blog/what-AI-is-doing-in-human-resources

25. Kline, R. B. (2011). Principles and Practice of Structural Equation Modeling. Guilford
Publications.

26. Kline, R. B. (2016). Principles and Practice of Structural Equation Modeling (2nd ed.).
Guilford Publications.

27. Li, Y., Liu, Q., Cheng, S., Wang, J., & Li, H. (2023). Real-time performance tracking and
improvement for employee engagement using artificial intelligence. Journal of Business
Research, 149, 675–684.

28. Mohamed, S. A., Mahmoud, M. A., Mahdi, M. N., & Mostafa, S. A. (2022). Improving
efficiency and effectiveness of robotic process automation in human resource management.
Sustainability, 14(7), 3920.

29. Murugesan, U., Subramanian, P., Srivastava, S., & Dwivedi, A. (2023). A study of Artificial
Intelligence impacts on Human Resource Digitalization in Industry 4.0. Decision Analytics
Journal, 7, 100249. https://doi.org/10.1016/j.dajour.2023.100249

30. Nazri, M. Z. A., Ghani, R. A., Abdullah, S., Ayu, M., & Nor Samsiah, R. (2019). Predicting
academician publication performance using decision tree. International Journal of Recent
Technology and Engineering, 8(2), 180–185.

31. Oswald, F. L., Behrend, T. S., Putka, D. J., & Sinar, E. (2020). Big data in industrial-
organizational psychology and human resource management: Forward progress for
organizational research and practice. Annual Review of Organizational Psychology and
Organizational Behavior, 7, 505–533.

32. Panicker, A., Sharma, A., & Khandelwal, U. (2022). Factorization of AI application in HRM.
In Proceedings of International Conference on Communication and Artificial Intelligence:
ICCAI 2021 (pp. 637–646). Springer Nature, Singapore.

33. Qamar, Y., Agrawal, R. K., Samad, T. A., & Jabbour, C. J. C. (2021). When technology meets
people: the interplay of artificial intelligence and human resource management. Journal of
Enterprise Information Management, 34(5), 1339–1370.

34. Rydén, P., & El Sawy, O. (2022). Real-time management: When AI goes fast and flow. In
Platforms and Artificial Intelligence: The Next Generation of Competences (pp. 225–243).

35. Seal, C. (2019). The Agile HR Function: Redesigning HR as A Strategic Business Partner.
Kogan Page Publishers.

https://www.allerin.com/blog/what-AI-is-doing-in-human-resources
https://doi.org/10.1016/j.dajour.2023.100249

